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            Abstract

            
                This study examines the influence of parents’ occupations on their children’s ICT proficiency in Mexico, highlighting its importance for academic success and social integration in a digitalized educational environment. Using data from PISA 2018, the study analyzes the responses of 1,043 students who have at least one professional parent. By focusing on professional parents who are heavy ICT users, the study aims to identify the social and cultural factors that influence the transfer to children. The research employs partial least squares structural equation modeling (PLS-SEM) to validate a second-order construct that integrates ICT use frequency and ICT usage, skills and autonomy in ICT use, and ICT as a topic in social interaction. This methodological approach allows for a nuanced analysis of the relationships between these constructs and their impact on children’s ICT proficiency. The study also explores variations based on different combinations of one professional parent and other occupations for the second parent, highlighting a gender effect on domestic support of children, moderated by the gender division of ICT use within occupational settings and evolving patterns of parenting. This occupational approach to acquisition processes, rarely addressed by research, offers some original insights for reflection and action.
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                I. Introduction

                
                    

                

            

            
                ICT proficiency has become a critical factor for the academic success and social integration of new generations of students in an increasingly digitalized school environment. In this context, the appropriation and effective use of ICT are not only indicators of digital literacy but also factors affecting school performance, reflecting persistent socioeconomic inequalities in society (Hübner et al., 2023; Keen & France, 2024; Ragnedda, 2017).
            

            
                Unlike parental education, which has been explored by Ren et al. (2022) and Loh et al. (2023), the socio-professional status of parents has rarely been analyzed in isolation, as in the studies examined by Scherer and Siddiq (2019), and even less so as a categorical variable influencing the processes of ICT transmission to children. Beyond the additive or subtractive logic in the multidimensional structuring of the socioeconomic indicator, socio-professional status seems more deeply rooted in social theory through a Weberian tradition of social classes, renewed by scholars such as Antonoplis (2022).
            

            
                This study aims to analytically link transmission processes to the gender division in labor-related ICT use and domestic support of children’s ICT use (Caparrós, 2021; Gómez et al., 2014; Qazi et al., 2022; Yuen et al., 2018). Gender perspectives in this regard are also mediated by the evolution of parenting patterns, which reflect a redefinition of the contributions of both parents (Hark, 2023). Together, these epistemological interests direct research towards social and professional groups that use ICTs intensively and effectively, such as professional parents.
            

            
                This investigation examines how the professional occupation of one or both parents moderates causal relationships in a second-order research model of ICT appropriation by children, structured around frequency of ICT use, autonomy in ICT use, ICT self-efficacy, ICT skills, and ICT usage. Since the ICT Engagement Questionnaire of the Programme for International Student Assessment (PISA) was not administered in Mexico in 2022, the research utilizes PISA 2018 data to explore the transmission of ICT appropriation by parents. The findings aim to contribute to ICT literacy and social reproduction theory and have practical implications for designing educational and social policies promoting equitable and effective digital inclusion.
            

            1.1 Theoretical Framework and Hypotheses

            
                ICT Use Frequency, ICT Usage, and Skills
            

            
                Frequency and type of ICT use are fundamental constructs to understand user interaction with technological artifacts and services (Scheerder et al., 2017). For students, interactions occur in both school and home environments, which differ significantly in terms of usage patterns, appropriation strategies, and influences on teaching and learning processes (Hori & Fujii, 2021; Kunina-Habenicht & Goldhammer, 2020). Social and contextual factors, along with normative considerations distinguishing recreational from educational use, are crucial. Weber and Becker (2019) and Toudert (2025) argue that frequency of ICT use is often associated with increased recreational use outside of school, particularly among students from families with lower social and cultural capital (Chiao & Chiu, 2018; Hori & Fujii, 2021; Micheli, 2015). However, Kunina-Habenicht and Goldhammer (2020) emphasize that attachment to ICTs underpins both frequency and type of use, while Weber and Becker (2019) note a transversality of recreational use across all social strata, with notable advantages for the more affluent (Ren et al., 2022).
            

            
                Ragnedda (2017) correlates the prevalence of ICT use with ICT competency development in environments that cultivate digital disparities due to variations in use. Investigations conducted by Ren et al. (2022) demonstrate the influence of cultural assets, practices, and proactive mediation on digital competencies, innovative capabilities, and educational applications, which will be scrutinized in the following section. While Ojo et al. (2019) and Toudert (2024), in conjunction with Zhang et al. (2023), substantiated the effect of utilization skills on ICT engagement, only the last of these authors delineated a reverse correlation within an indirect effect framework, warranting further inquiry.
            

            
                The frequency of ICT engagement affects autonomy in ICT use, mirroring a student’s self-assessment of control over ICT application, which has been associated with an improved outcome (Hori & Fujii, 2021; Gruchel et al., 2024). Student attainment of autonomy, also discussed under the ICT self-efficacy paradigm (Ma & Qin, 2021; Loh et al., 2023), manifests as a form of ICT appropriation associated with unequal educational performance. Loh et al. (2023) stated that students from high socioeconomic strata have access to superior resources and exhibit informed and socialized use in high-efficiency environments. This is evident in contexts characterized by consistent parental endorsement and effects stemming from the interplay between ICT literacy and self-efficacy (Ma & Qin, 2021).
            

            
                Based on the above theoretical discussion, the following hypotheses are proposed:
            

            
                H1: Frequency of ICT use has a positive impact on ICT skills.
            

            
                H2: Frequency of ICT use has a positive impact on autonomy in ICT use.
            

            
                H3: Frequency of ICT use has a positive impact on ICT usage.
            

            
                H4: ICT usage has a positive impact on ICT skills.
            

            
                Social Interaction, Autonomy in ICT Use, and ICT Skills
            

            Objectives

            
                In considering how to stimulate ICT skills in students, Kunina-Habenicht and Goldhammer (2020) observed a high correlation between ICT competence and perceived ICT autonomy, influenced by gender and country background factors. They also found a positive relationship between perceived ICT autonomy and mathematics achievement, highlighting the influential role of self-efficacy in students’ self-evaluation of their ICT skills (Zelalem et al., 2022). Kunina-Habenicht and Goldhammer (2020) noted that perceived ICT autonomy was included in the PISA 2015 questionnaire to measure students’ perceived control and potential to direct interaction with ICT devices and services.
            

            
                The phenomenon of adoption and use of ICT, defined as a subject of social interaction, segments ICT users by establishing social interconnections among individuals who share analogous interests in technological topics (Kunina-Habenicht & Goldhammer, 2020; Ma & Qin, 2021). Research conducted by Kunina-Habenicht and Goldhammer (2020) elucidated that ICT, in the context of social interaction, serves as a predictor variable for various forms of utilization and exhibits a negative correlation with reading proficiency. Furthermore, their study substantiated the moderating effects of gender and nationality concerning ICT as a subject of social interaction, revealing a robust association with entertainment-related activities pertinent to ICT learning beyond the academic environment. In a similar vein, Ma and Qin (2021) cited studies that establish a relationship between social interaction and a decline in academic achievement. In contrast to autonomy in ICT use, which is frequently linked to enhanced academic productivity (Kunina-Habenicht & Goldhammer, 2020; Gruchel et al., 2024), ICT as a subject of social interaction appears to facilitate ICT learning via entertainment activities undertaken in collaboration with peers and family members (Toudert, 2025).
            

            Based on the reviewed literature, the following hypotheses will be tested:

            H5: ICT as a topic of social interaction positively impacts autonomy in ICT use.

            H6: Autonomy in ICT use positively impacts ICT skills.

            Parental Occupation as a Moderating Factor

            
                Social status, as conceptualized by Weber, sought to detach the political dimension from the Marxist perspective, aligning instead with an understanding of capital that is transferrable through its economic, social, and cultural dimensions (Keen & France, 2024). This multidimensional approach gained relative acceptance through the works of Antonoplis (2022) and Wright (2005), amid a broader lack of consensus on a definitive theory of social classes. Within this framework, a seven-category classification of socio-professional occupations, mentioned by Nico (2021), emerged as a robust and pragmatic alternative. However, critical empiricism, particularly studies utilizing PISA data, identified the index of economic, social, and cultural status (ESCS) and its derivatives, such as students’ socio-economic status (SES), as more potent indicators (Avvisati, 2020; Hübner et al., 2023; Li & Zhu, 2023; Ren et al., 2022; Scherer & Siddiq, 2019).
            

            
                Considering the complex and multifaceted characteristics of the socioeconomic status (SES) indicator, the aspects of parental income, educational attainment, and occupational standing have garnered heightened scrutiny within academic research. Comprehensive meta-analyses, such as that conducted by Scherer and Siddiq (2019), substantiate the importance of these relationships, wherein measures of SES capital—most notably income—exhibit the strongest correlation, followed by professional occupational status. This trend is apparent in research focusing on discrete components within the student milieu. For instance, Loh et al. (2023) discerned a noteworthy relationship between students’ access to ICT resources and their academic performance in both mathematics and reading, whereas Ren et al. (2022) demonstrated a beneficial correlation between familial cultural capital and digital competencies. Nevertheless, the influence of parental professional occupation on students’ appropriation of ICT remains inadequately examined (Scherer & Siddiq, 2019).
            

            
                Research focused on the general population, including studies by Yates and Lockley (2018), reveals that individuals occupying higher socio-professional categories demonstrate higher levels of ICT use for both occupational purposes and non-digital cultural consumption, a phenomenon also recognized by Ragnedda (2017). Comparable disparities are observed within families with high social and cultural capital, which subsequently affects children’s academic achievements and their appropriation of ICT (Keen & France, 2024; Yuen et al., 2018). This inequality extends to professional ICT engagement, with blue-collar workers less likely to employ ICT tools and services within their occupational environments (Caparrós, 2021).
            

            
                The socio-professional standing of parents, whether of the father, mother, or both, exerts a substantial influence on these dynamics, a matter that merits further scholarly investigation. This interplay establishes a link between the dissemination of ICT competencies and the gendered distribution of domestic support afforded to children, which is influenced, among other factors, by the gendered division of labor associated with the use of ICT artifacts and services (Gómez et al., 2014; Caparrós, 2021).
            

            
                II. Data and Research Methodology

                
                    

                

            

            2.1 Sampling and Data Collection

            
                The data for this study were obtained from the Programme for International Student Assessment (PISA) of the Organisation for Economic Co-operation and Development (OECD), specifically the 2018 PISA ICT Engagement Questionnaire, the most recent version of this questionnaire administered in Mexico (OECD, 2019).
            

            
                In 2018, PISA interviewed a total of 7,299 Mexican students from 286 schools, representing a target population of 1,689,087 students (OECD, 2020). From those interviewed, 1,043 students were selected who reported that their parents were employed as professionals according to the 2008 version of the International Standard Classification of Occupations. This includes science and engineering professionals; health professionals; teaching professionals; business and administration professionals; information and communications technology professionals; and legal, social, and cultural professionals (ILO, 2023). As a socio-professional category, professionals are generally identified as more intensive and effective users of ICT than other occupations (Toudert, 2025).
            

            2.2 Measurement Variables and Scales

            
                The research model used in this study, illustrated in Figure 1, comprises two second-order constructs: frequency of ICT use and ICT usage. These are linked to three first-order constructs: ICT as a topic in social interaction, autonomy in ICT use, and use skills. The second-order constructs are reflective-formative, and the hierarchical model of latent variables was validated using a two-stage approach with repeated indicators in the first stage (Becker et al., 2012). Initially, 13 formative items were used to form the second-order constructs and 13 reflective items detailed in tables 2 and 3. The research model was assessed and analyzed with SEM-PLS (partial least squares structural equation modeling), following the guidelines by Hair et al. (2022). For the model assessment with combinations of professional parents, only pairs with 39 or more cases were selected to ensure sufficient statistical power to detect moderating effects (Hair et al., 2022). The estimate of necessary cases for the model in Figure 1 requires a minimum of 38 cases for 80% statistical power, a 5% significance level, and a minimum R2 of 0.5. Under these conditions, only ten combinations of professional fathers and/or mothers had the necessary number of cases (see Table 1). The significance of differences in the six hypotheses for each of the ten occupation combinations was determined using the multigroup analysis method (MGA-PLS) with a bootstrap resampling of 5,000 (Matthews, 2017).
            

            
                Items included in the study were selected following an exploratory procedure, initially including a large dataset that was gradually reduced to the variables in Table 2, mainly due to non-compliance with model validation guidelines as specified in the results section. The items of the different constructs were designed following an ordinal approach and integrating the OECD (2019) dataset fields, as used in previous studies associating PISA data and SEM modeling (Chen et al., 2024; Chiu, 2020; Hori & Fujii, 2021; Kunina-Habenicht & Goldhammer, 2020; Li & Zhu, 2023). For formative constructs, the original five incremental categories (from 1 to 5) were used for the frequency of use at school with fields IC011Q05TA and IC011Q10HA, and for frequency of use outside school with IC008Q01TA, IC008Q03TA, IC008Q09TA, and IC010Q01TA. This logic was also applied to ICT usage outside school with the average of IC008Q03TA, IC008Q04TA, IC008Q08TA, IC008Q09TA, and IC008Q10TA, and for ICT usage at school with IC011Q03TA, IC011Q06TA, and IC011Q07TA (Chiu, 2020; Kunina-Habenicht & Goldhammer, 2020; Li & Zhu, 2023).
            

            
                For reflective constructs, ICT skills were characterized by the original five categories of IC010Q07TA, the average of IC010Q01TA and IC011Q05TA, IC010Q03TA, and IC010Q11HA (Chen et al., 2024; Kunina-Habenicht & Goldhammer, 2020; Li & Zhu, 2023). Autonomy in ICT use included four categories: IC015Q02NA, IC015Q03NA, IC015Q05NA, IC015Q07NA, and IC015Q09NA (Kunina-Habenicht & Goldhammer, 2020; Li & Zhu, 2023). ICT as a topic in social interaction included IC016Q01NA, IC016Q05NA, IC016Q07NA, and IC016Q02NA (Kunina-Habenicht & Goldhammer, 2020).
            

            
                
                    Figure 1. Proposed Conceptual Model and Hypotheses
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                III. Results

                
                    

                

            

            
               A quarter of the 1,043 cases analyzed come from families with both parents employed as professionals, while 16% have professional fathers and housewife mothers. Other occupation combinations involved professional fathers with mothers who are technicians and associate professionals, in 8% of cases, and mothers who are services and sales workers, in 7%. The remaining occupation combinations each represent less than 7% of total cases, as shown in Table 1.
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                The assessment of the second-stage model fit for both the total cases and the ten occupation combinations analyzed reveals dG and dULS discrepancies below the current model at the 95% level and a standardized root mean square residual (SRMR) value less than the accepted limit of 0.08, indicating an adequate fit (Becker et al., 2023; Hair et al., 2022).
            

            
                Measurement model evaluation during the first stage, for the total cases and the different occupation combinations, shown in Table 2, demonstrates internal consistency of the reflective constructs validated via composite reliability rho (A) with satisfactory values above 0.7 (Becker et al., 2023; Hair et al., 2022). For the same constructs, convergent validity was established by average variance extracted (AVE) with values close to or above 0.5 (Hair et al., 2022). For formative constructs, the weights and signs were appropriate for the general model, with significant items and variance inflation factor (VIF) values ruling out multicollinearity issues (Henseler et al., 2015).
            

            
                The measurement model assessment during the second stage shows, in Table 3, a satisfactory composite reliability rho (A) and average variance extracted (AVE) values for the reflective constructs, with significant loading values (Hair et al., 2022; Becker et al., 2023). For the formative constructs, the weights of the total model and combinations are largely significant, with appropriate signs and no VIFs indicating multicollinearity risks (Henseler et al., 2015).
            

            
                The coefficient of determination (R2), indicating the proportion of variance in a dependent variable explained by the independent variables, shows relevant predictive power through the endogenous variables. Continuing the structural analysis, Table 4 shows the strength of the relationships for the six hypotheses in the research model and their variability based on the professional occupation combinations of both parents. For the total model, all hypotheses were significant except for hypothesis H4, which was rejected. At the combination level, hypothesis H3 was supported in all cases, while H6 was not supported in any combination. Hypothesis H5 failed only in combinations 25 and 32, while H2 was supported only for 24 and 25. Hypothesis H4 was significant in just one combination (52), hypothesis H1 in four (22, 23, 25, and 211), and hypothesis H2 in combinations 24 and 25.
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                The significance of the differences between the analyzed occupation combinations was estimated using the multigroup analysis method with 5,000 bootstrap resamples (Matthews, 2017). The findings show in Table 5 that except for occupation combinations 25 with 211, significant hypotheses are observed in pairs of fathers with other professional mothers. The results also indicate that hypotheses H3 and H6 were non-significant for all combinations analyzed. Hypothesis H1 was significant only for 23 and 52, and H2 for 24 and 82, 25 and 82, and 25 and 211. Hypothesis H5 was significant for combinations 22 and 32, 23 and 32, and 24 and 32. Hypothesis H4 was significant for combinations 23 with 52, largely favoring a couple with a professional mother (52).
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                IV. Discussion and implications

                
                    

                

            

            
                Several studies have demonstrated an association between indicators of students’ ICT appropriation and their families’ socio-economic status (Granato & Schnepf, 2025; Keen & France, 2024; Ren et al., 2022; Scherer & Siddiq, 2019; Zhao & Chen, 2023). This relationship underscores the validity of incorporating parental educational level or using arithmetic syntheses, such as the ESCS, as noted in Avvisati (2020), Li and Zhu (2023), Loh et al. (2023), and Ren et al. (2022). However, research on the influence of parents’ professional occupation, as discussed by Zhao and Chen (2023) and Scherer and Siddiq (2019), remains limited, even though the results could provide valuable insights for both reflection and action.
            

            
                The results shown in Table 4 for the total model support the hypothesis that ICT usage depends on the frequency of ICT use, while ICT usage does not seem to impact the development of ICT skills. The impact of the frequency of ICT use on ICT usage is consistent with the findings of Hori and Fujii (2021), who associate this more with entertainment activities, as well as Hong et al. (2024), who link it to school efficiency from greater teacher use of ICT. Gruchel et al. (2024) associate ICT use for homework with intrinsic motivation stimulated by the quality of parental support.
            

            
                However, contrary to Ojo et al. (2019), who concluded that digital skills were the most significant predictor of Internet use, and Zhang et al. (2023), who found an indirect effect, the present research did not find the link significant. The independence of this relationship is probably due to the disconnect between the use of sophisticated skills and the mediation of relative socioeconomic status in repetitive digital activities with low parental control (Ren et al., 2022). Indeed, the stimulation of ICT skills through frequency of use, which in turn slightly impacts autonomy of use, also subtly affects ICT skills, which points to basic digital competences acquired through digital uses focused on leisure, as mentioned by Hori and Fujii (2021) and Ren et al. (2022).
            

            
                In this context, compared to the frequency of ICT use, autonomy in ICT use appears to be three times more strongly influenced by ICT as a topic in social interaction, which Panigrahi et al. (2022) associate with behavioral engagement incident to learning effectiveness. In fact, contrary to the polarization thesis of recreational use in the lower classes and productive use in the upper classes (Chiao & Chiu, 2018; Correa et al., 2020; Ren et al., 2022; Weber and Becker, 2019), differences in socioeconomic status concern the use of ICT for school activities and favor the better-off.
            

            
                Some occupation combinations analyzed in Table 4 exhibit significantly different behavior relative to the total model hypotheses. These differences cannot be attributed exclusively to student interaction with ICTs. Indeed, for H1, combinations of professional fathers with white-collar or housewife mothers have a greater impact on ICT skills than a combination of two professional parents. This finding indicates that ICT skills are mostly stimulated by professional fathers in a context that combines a high paternal educational level (Diogo et al., 2018; Silva et al., 2015), the gender division of parental support (Keen & France, 2024; Yuen et al., 2018), gendered use of digital technologies in the workplace (Gómez et al., 2014; Caparrós, 2021), and an evolution of parenting patterns (Hark, 2023).
            

            
                For other occupations, mothers working in clerical support or services and sales (24 or 25) have a significant influence in H2, although occupations 25 and 32 do not have an effective impact in H5. From this perspective, students in combination 24 mobilize both frequency of use and social interaction to reinforce autonomy of use, whereas students in combination 25 fail to achieve the same impact. These behaviors can probably be explained by the impact of frequency of use on autonomy of use, which seems to yield a greater benefit in the case of clerical support worker mothers than for those employed in services and sales, whose children exhibit notably lower ICT use outside school. In this context, maternal occupation with higher ICT use intensity appears to strengthen children’s autonomy of use. As mentioned in Diogo et al. (2018), Keen and France (2024), Silva et al. (2015), and Yuen et al. (2018), this is probably due to cognitive support mainly characterized by a strategic use of ICT to search for information.
            

            
                The strength of this impact decreases drastically with hypothesis H6, for which it is barely detectable in the total model, suggesting an attitudinal predisposition independent of services and sales workers that bears more relation to frequency of ICT use. This construct, according to Hori and Fujii (2021) and Ren et al. (2022), involves elementary skills for recreational use. Meanwhile, H4 shows a significant combination of fathers engaged in services and sales work and professional mothers (52), characterizing students with higher in-school and out-of-school use. This atypical combination with professional mothers impacts ICT skills through ICT usage and not the frequency of ICT use, as occurs with H1 with professional parents, perhaps due to the predisposition of highly educated mothers to engage in complex school tasks (Diogo et al., 2018; Silva et al., 2015). Even when mothers possess a low level of education, as in the case of professional fathers and housewife mothers (211), maternal availability for extracurricular activities and control of digital activity outside school favors the mobilization of frequency of ICT use and ICT as a topic in social interaction, significantly strengthening ICT usage, ICT skills, and autonomy in ICT use, as observed in H1, H3, and H5.
            

            
                The differences between combinations presented in Table 5 reveal a contrast between white- and blue-collar workers, observed by Dodel (2015). In this sense, except for the 25-211 difference characterized by low rates of mothers with education level 5A, the other comparisons contrast the combinations of professional fathers with those of professional mothers.
            

            
                This finding, in addition to showing parental gender differences in the appropriation of ICTs by children of a parent in a high-level occupation, also highlights the influence of the division of digital support in the nuclear family, as discussed by Keen and France (2024) and Yuen et al. (2018). Of course, with equivalent occupations, gender differences between combinations may point to a different relationship with ICT at work and at home, as well as a division of domestic support as noted above (Caparrós, 2021; Gómez et al., 2014; Keen and France, 2024; Yuen et al., 2018).
            

            
                In fact, when one parent is a professional, the comparison between combinations favors professional fathers, who show a higher rate of attainment of education level 5A. This behavior is observed in the only significant difference for hypothesis H1, 23-52, which shows a disadvantage for combinations of fathers working in services and sales and professional mothers, with a 13% difference in the attainment of education level 5A, favoring combination 23. Thus, a high-level paternal white-collar occupation and maternal technical specialization appear to result in a greater impact of frequency of ICT use on ICT skills. For hypothesis H2, differences in combinations with professional fathers exhibit a significantly higher impact of frequency of ICT use on autonomy in ICT use, compared to housewife or professional mothers with blue-collar fathers, emphasizing the gender perspective of the construct, evidenced by Kunina-Habenicht and Goldhammer (2020), Li and Zhu (2023), and Ma and Qin (2021).
            

            
                However, even when both parents are white-collar (professional mother with immediate subordinate occupation father: 32), the results for H5 show that the significant impact on autonomy in ICT use by ICT as a topic in social interaction is largely in favor of white-collar but professional father combinations. This behavior suggests a need to pay greater attention to the consistent parental vehicle for transmitting social and cultural capital through ICT appropriation (Keen & France, 2024; Ren et al., 2022; Yuen et al., 2018). Of course, this should be mediated by the evolution of parenting patterns, as mentioned by Hark (2023), and, in particular, gendered changes in digital support in the home.
            

            
                V. Conclusion 

                
                    

                

            

            
                This research analyzed the influence of the professional occupation of one or both parents on the appropriation of ICT by their student children. The findings indicate that parents’ occupation, and thus their education level, have a significant impact on children’s ICT skills and on ICT as a topic in social interaction, emulated by complex logics such as the parental gender division of technological support at home. In this context, the findings of this study highlight the close relationship between students’ digital skills and their parents’ occupational status, while showing that a high maternal education level encourages support for children’s digital activities. Furthermore, in combinations where one parent is a professional and the other has a lower-status but white-collar occupation, a higher influence of ICT frequency and use was evident, suggesting a gender division of digital support in the home. 
            

            
                The study found that students whose parents have white-collar occupations tended to use ICT predominantly for all activities, including school and work, while those from a blue-collar background favored recreational and social use. Overall, these results appear to confirm the existence of qualitative segmentation in the transfer of ICT use to children by parents who, in the literature, are generally considered effective transmitters. Besides highlighting the inherent contrasts in the social and cultural status of parents, this research emphasizes the need to reconsider the importance of gender division in domestic support, which appears to be an offshoot of gender division in labor use of ICTs, even in the case of high-level professional mothers.
            

            
                Although the research benefited from a large set of data that allowed statistical segmentation and, therefore, an analysis of the impact of different socio-professional statuses, two limitations must be considered. Firstly, the behavior difference between the total sample and group samples may indicate a need to expand the population to increase the statistical sensitivity of the operators used. A second limiting factor concerns the socio-cultural specificities of the target population, which may place the study in the realm of contextual research. Replication of this study in other countries is therefore recommended to validate the findings presented here.
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Table 5. Multigroup Analysis. Test Results
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Table 3. Second-Stage Indicator Validation for Overall Model and Groups
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Table 1. Summary Statistics of Sample

Gender % _Father/mother occupation (Education level 5A%) (Cases) %
Male 52.54 12- Managers/professionals (89.74%/89.74%) (39 cases) 374
Female 47.46_22- Professionals/Professionals (90.38%/91.15%) (260 cases) 2493
Age (years) 23- Professionals/Technicians and assoc.professionals (77.38%/45.24%) (84 cases) 8.05
16 100_24- ProFessionals/Clerical support workers (82.98%/42.55%) (47 cases) 451
Residence 25- Professionals/Services and sales workers (73.33%/21.33%) (75 cases) 7.9
Village, hamlet or ruralarea  1.73 32 Technicians and assoc. professionals/Professionals (58.57%/88.57%) (70 cases) 671
Small town 7.9 52-Services and sales workers/Professionals (35.21%/80.28%) (71 cases) 681
Town 1715 72- Craft and related trades workers/Professionals (14%/74%) (50 cases) 479
City 37.28 82- Plant and machine operators and assemblers/Professionals (9.76%/75.61%) (41 cases) 393
Large city 3593 211-Professionals/Housewives (72.78%/23.67%) (169 cases) 162
Semester of enrollment Others 1314
2nd semester 0.96 _Students from socioeconomically disadvantaged homes
3rd semester 9.3 Village, hamlet or rural area 7394
4th semester 89.26 Small town 57.05
5th semester 048 Town 36.03
Categories of schools City 25.78
Public 7004 Large city 2544
Private 29.96 Total desired target population 1,689,087

Note: * Education level 5A (UNESCO, 2012).
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